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jEE 1: Self-Attention
Transformer @ Self-Attention (XH§E1H#RICBIE (Vaswani et al., 2017)
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Self-Attention
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Self-Attention

BERT® pre-trainfF [

Aws k-2~
Self-Attention DEMAHIFDOIEER (Vaswani et al., 2017

o &SR a woman is dancing . i[SEP]

o EXANDHEFLHEBORKU DODTDHRT g XM 0.02 0.01 0.01 0.01 0.04 0.01

pre-train 7= BERT [CXZ A
» Self-AttentionZ HX V) it %

5l | a woman is dancing.

(woman, a) =0.01 0 0.15 0.05 0.4 0.03 0.36 0.02

0.05 0.16 0.04 0.15 0.050.05

X3: “a woman is dancing. ”% pre-train & 117=BERT (Z A1 L 7=FX® Self-Attention 7/14

= (woman, dancing) = 0.8

o
L]
f)
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Gromov—Wasserstein EERE (Mémoli 2011)
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WMD ¥ 2ZF#ICDWT PAWS O test (8000 ) % ALT AUC THS:
Self-Attention ZEXD g BERT O layer, head BT « |3 dev (8000 #H) TOMEETRD7=.
B D Self-Attention ZRA TGS ISREHIXEERZ FH L TRENAGAIT7 L.

Table 1: BERT @ 0 BB ® embedding, word2vec, glove, fasttext Z# WMD [CHW=KD AUC

Models BERT-layer0 word2vec  glove  fasttext

WMD 0.5732 0.4897 0.4910 0.4928
ours 0.6546 0.5164  0.4978 0.4986

Table 2: test ®FH@RFICAL/=, BERT O layer, head, o D%

BERT-layer0  word2vec glove fasttext

1/4/0.99 2/8/0.98 2/8/0.96 2/8/0.97
layer /head /cx 1/9/0.99 4/8/0.97 - -
1/11/0.99 - - -
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